ApHMM: Accelerating Profile Hidden Markov Models for Fast and Energy-Efficient Genome Ana\yms
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1: Profile Hidden Markov Models (pHMMs) 2: The Baum-Welch Algorithm

Source Code

PHMMs are useful to identify
differences and similarities
between sequences using:

1. Forward Calculation 2. Backward Calculation
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Massive Parallelism
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5: ApHMM Overview & Filtering Mechanism 6: Computing the Baum-Welch Algorithm

3: Sources of Inefficiencies in the Baum-Welch Algorithm 4: Problem and Goal
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8: Results

7: Evaluation Methodology
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