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2: Genome Sequence Analysis

3: Read Mapping Steps

* There has been significant effort into improving read mapping
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* Key Results: GenStore provides significant speedup (1.4x - 33.6x) and
energy reduction (3.9x — 29.2x) at low cost

4: Motivation 5: GenStore 6: GenStore-EM Overview

for differences between reads and the reference genome
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8: GenStore-NM Overview

7: GenStore-EM Design

Sorted Read-Sized : : * Efficient chaining-based in-storage filter to prune most of the non-matching reads
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9: Evaluation
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